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Empirical Analysis of Raw Milk Price Volatility in
China Based on GARCH Model

WANG Qiangian WEI Longbao WANG Wenting

Abstract: In order to reveal the influencing factors and characteristics of raw milk price volatility
in China this paper uses monthly data from 2007 to 2019 and GARCH model to conduct in—depth anal-
ysis of Chinese raw milk price volatility.The study finds that: the raw milk price volatility in China has
a significant clustering; The volatility of raw milk price has the characteristics of cost propelling while
the price return of beef has a significant negative impact on the raw milk price volatility; The volatility of
raw milk price does not have the characteristics of high—risk and high—return; After adding related con—
trol variables there is no significant asymmetry on the raw milk volatility in China.Therefore this paper
puts forward policy suggestions to stabilize the volatility of raw milk price and promote the healthy de—
velopment of the industry from the three aspects: strengthening market monitoring strengthening infor—
mation early warning and improving the pricing mechanism.
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